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Welcome and Opening Remarks

Rachele Hendricks-Sturrup, DHSc, MSc, MA 
Research Director of Real-World Evidence, Duke-Margolis Institute for 
Health Policy
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The Robert J. Margolis, MD, Institute for Health Policy is part of Duke University, and as 
such it honors the tradition of academic independence on the part of its faculty and 
scholars. Neither Duke nor the Margolis Center take partisan positions, but the 
individual members are free to speak their minds and express their opinions regarding 
important issues.

For more details on relevant institutional policies, please refer to the DukeFaculty 
Handbook, including theCode of Conductand otherpolicies and procedures. In 
addition, regarding positions on legislation and advocacy, Duke University policies are 
available athttp://publicaffairs.duke.edu/government.

Statement of Independence

https://provost.duke.edu/faculty-resources/faculty-handbook/
https://provost.duke.edu/faculty-resources/faculty-handbook/
https://oarc.duke.edu/sites/default/files/documents/2015_Code%20of%20Conduct_statement%20of%20ethical%20principles_Final.pdf
https://oarc.duke.edu/policies
http://publicaffairs.duke.edu/government
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ÅAttendees are encouraged tocontribute throughout the meeting with questions in 
the ZoomQ&AŦǳƴŎǘƛƻƴΦ

ÅThis meeting is being recorded, and the recording and slide deck will be posted on 
the Duke-Margolis event page in the weeks following the meeting.

Meeting Reminders
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ÅEngage an Advisory Group and other members of the RWE 
Collaborative with key stakeholders to directly inform national and 
international regulatory agencies engaged in advancing the state of 
RWE policy.

ÅDevelop strategies to ensure real-world data is capable of generating 
high-quality and compelling evidence that meets the reasonable and 
necessary coverage needs of patients, health systems, payers, and 
regulators.

ÅMonitor the growing global RWE policy landscape and contribute 
thought leadership to challenging topics and questions posed by 
medical product regulators and policymakers globally concerning 
RWD/E implementation to support timely patient access to 
innovative treatments and treatment approaches.

ÅExplore the prospective and systematic collection of RWD to drive 
randomized clinical trial conduct at the point-of-care, particularly to 
improve post-market evidence that may offer meaningful insights for 
regulatory agencies, policymakers, payers, and providers.

Duke-Margolis RWE Collaborative Strategic Plan
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Data Curation for RWE using EHR-sourced Data

Three Major Considerations

ÅDefining EHR-Sourced Data Curation

ÅData Curation in the Real-World: Meeting Regulatory 
Expectations

ÅThe Role of AI in EHR Data Curation

Four Policy and Best Practice Recommendations

ÅStandardized EHR-Data Curation Processes

ÅTransparent EHR-Data Curation Processes

ÅResponsible AI Practice in EHR-Data Curation

ÅHuman Oversight in AI Practices
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International Harmonization of RWE Standards Dashboard

ÅHarmonization efforts will become increasingly important to help sponsors and 
regulators advance areas of alignment and address potential areas of 
misalignment around key RWE terminology and assurance procedures. 

ÅThis ongoing work shapes RWE regulatory policy discussions with timely, 
publicly available policy updates that guide operational RWE goals and 
standards among regulators, health technology assessment bodies, payers, 
researchers, and other stakeholders. 
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Real-World Evidence Policy Core Competencies 

The Duke-aŀǊƎƻƭƛǎ LƴǎǘƛǘǳǘŜ ŦƻǊ IŜŀƭǘƘ tƻƭƛŎȅΩǎ w²9 ǇƻƭƛŎȅ ǘŜŀƳ 
created 12 RWE Policy Core Competencies (two domains) to 
effectively bridge previous educational efforts in experiential 
settings and support the current and next generation of RWE 
policy practitioners.
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Convening Agenda

12:00 pm Welcome and Opening Remarks

12:10 pm Session 1: Fireside Chat on U.S. RWE Policy Developments

1:00 pm Session 2: Policy at the Intersection of AI and RWE-Powered Research

1:50 pm .ǊŜŀƪ  

2:05 pm Session 3: RWE to Shape Adaptable, Resilient, and Responsive Learning 
IŜŀƭǘƘ {ȅǎǘŜƳǎ

3:00 pm Session 4: RWE in Coverage, Payment, and Drug Pricing Decisions

3:50 pm Session 5: The State of RWE Regulatory Policy: Lessons for Industry

4:40 pm Closing Remarks 

4:45 pm Adjournment
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Session 1: Fireside Chat on U.S. RWE Policy 
Developments

Moderator:

Mark McClellan, Duke-Margolis Institute for Health Policy

Discussants:

Jacob Shiff, Centers for Medicare and Medicaid Services

Michelle Tarver, U.S. Food and Drug Administration

Joyce Lau, Centers for Medicare and Medicaid Services



11

Session 2: Policy at the Intersection of AI and RWE-
Powered Research

Moderator:

Lesley Curtis, Duke University

Panelists:

Aaron Cohen, Flatiron Health

Nick Honig, Highlander Health

Dena Jaffe, Oracle Health and Life Sciences

Emilie Scherrer, Tempus AI



© Flatiron Health

Policy at the Intersection of AI and 

RWE-powered Research

Aaron Cohen, MD, MSCE

Senior Medical Director | Head of Clinical AI and Digital Oncology @ Flatiron Health

Adjunct Assistant Professor @ NYU Grossman School of Medicine

July 27, 2026



Aaron Cohen is an employee of Flatiron Health, an independent 

subsidiary of Roche Group. He holds stock ownership in Roche. 

Employee Disclaimer



Extracting Clinical 

Data from the EHR



Extracting Clinical 

Data from the EHR



ʴʧʧʧ' 9E ;GF;=JF=<this 
represents progression of his 
disease. I recommended a 
.#2˝!2ʧʧʧʵ

ʧɹʧʧ.9LA=FLʳKPSA has 
increased while on lupron, 
may represent castrate 
J=KAKL9FL <AK=9K=ʧʧʧʵ

ʴ'E9?AF? K@GOK @= E9Q @9N=new 
involvement of the liver and 
adrenal ʧʧʧʵ Cohen AB et al. Using large language models for scalable extraction of real-world 

progression events across multiple cancer types. Presented at: AACR Special 

Conference in Cancer Research: Artificial Intelligence and Machine Learning; July 10-12, 

2025; Montreal, QC, Canada.



Extracting Clinical 

Data from the EHR
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The answer key problem
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(Human Abstracted) LLM Extraction

Unstructured 

EHR Data

REFERENCE STANDARD

Evaluate LLM Extraction on 

REFERENCE STANDARD 

HUMAN ABSTRACTED 

REFERENCE  STANDARD



(Human Abstracted) LLM Extraction

Unstructured 

EHR Data

2nd Human Abstractor

Compare

REFERENCE STANDARD

Evaluate Human Abstractor 2 on 

REFERENCE STANDARD 

Evaluate LLM Extraction on 

REFERENCE STANDARD 

ȹ in Performance

HUMAN ABSTRACTED 

REFERENCE  STANDARD



Estevez, M  et al.Ensuring Reliability of Curated Electronic Health RecordҭDerived Data: 

The Validation of Accuracy for Large Language Modelҭ/Machine LearningҭExtracted 

Information and Data (VALID) Framework. JCO Clin Cancer Inform10, e2500215(2026).

DOI:10.1200/CCI-25-00215

https://ascopubs.org/action/doSearch?ContribAuthorRaw=Estevez%2C+Melissa
https://doi.org/10.1200/CCI-25-00215


The VALID Framework assesses quality of real-world 

data across multiple dimensions

Replication and 

Benchmarking Analyses

Evaluating whether the LLM-

extracted data can reliably 

reproduce known 

epidemiological and clinical 

distributions, treatment 

patterns and outcomes

Variable-Level 

Performance Metrics

Ễ Ex: Assess variable 

completeness

Ễ Ex: Assess measures 

of accuracy

Understanding how well a 

specific curation approach 

works to extract a given 

clinical detail relative to 

expert human abstraction

Automated Verification 

Checks

Ễ Ex: % of patients on targeted 

therapy but biomarker 

negative

Ễ % of patients with date 

sequencing errors (e.g. 

surgery date before initial 

diagnosis)

Assessing data at the patient-

and cohort-level checks to 

ensure it aligns with clinical 

expectation (e.g., identify 

obviously erroneous or unlikely 

data points) 

Ễ Ex: Assess adjuvant and 

neoadjuvant treatment 

patterns and outcomes 

for patients with triple 

negative breast cancer 

(TNBC)
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Session 2: Policy at the Intersection of AI and RWE-
Powered Research

Moderator:

Lesley Curtis, Duke University

Panelists:

Aaron Cohen, Flatiron Health

Nick Honig, Highlander Health

Dena Jaffe, Oracle Health and Life Sciences

Emilie Scherrer, Tempus AI



Policy Guidance for AI in 
the Curation of Real -
World Data

Dena Jaffe
Oracle Health and Life Sciences
July 27, 2026



Fit -for -Use RWD Depends on Transparent Curation
Jaffe, Malin & Hendricks-Sturrup 2025. https://doi.org/10.1093/haschl/qxaf210

Privacy compliance changes 

the data that researchers use

Creating fit-for-use RWD requires 

understanding how data protection 

techniques affect availability, 

accuracy, granularity, linkage, and 

intended use.

AI transformations also 

affect usability

ÁDocument techniques: what was 

masked, generalized, suppressed, 

shifted, linked, or randomized

ÁDocument consequences: what 

becomes less complete, less 

granular, less timely, or less 

linkable.

ÁDocument relevant use: what 

questions the resulting data are still 

fit to answer.



AI in RWD Curation

Ambient Documentation
AI AT THE SOURCE

How does the AI-transcribed note 

enter the chart?

Downstream, does it look like 

clinician-authored text?

Is there meta data that a physician 

reviewed/approved?

NLP Extraction
AI IN CURATION

Is there semantic matching? Are 

note types included in meta data?

Are NLP-extracted data flagged?

Automated De-ID
AI IN CURATION (STEWARDSHIP)

De-ID frameworks are more 

accurate, faster, and flexible

Controls require human-in-the-

loop validation.

Synthetic Data
AI-GENERATED DATASETS

No direct source patient is 

released. Fitness depends on 

model fidelity and on provenance 

of training data and generation 

process.

Each application of AI increases the need for metadata, controls, and governance that travel with the value



RWD Curatorôs Responsibility

What metadata might travel with an AI -derived value?

Derivation flag

AI-extracted, structured-entry, clinician-recorded, 
ambient-drafted, linked

Model name and version

Model, pipeline, prompt/rules/configuration, and 
date run

Model performance

Performance for that field, not only a global card

Annotation guidelines

Define missingness or null values ςabsent, 
undocumented, not-extracted, or unknown

Model identifiers

Source lineage including encounter, note, provider, 
and healthcare systems identifiers

Intended use and limitations/bias

Entity, modifier, or relationship; privacy 
transformations, unsupported contexts



AI in RWD Curation ïBest Practices and Accountability

Transparency
Provenance and traceability

CURATOR BEST PRACTICES &

CONSIDERATIONS

ÁPropagate source provenance

ÁCapture transformation lineage

ÁAppropriate use

Validation
Reliability, completeness & fitness

CURATOR BEST PRACTICES &

CONSIDERATIONS

ÁValidate vs source and structured 
data

ÁValidate models including human in 
the loop

ÁModel and entity metrics

Governance

Auditable and accountable process

CURATOR BEST PRACTICES &

CONSIDERATIONS

ÁDefine standards

ÁAccountability and auditability

ÁOngoing oversight

The AI-era extension: metadata is no longer administrative; it is part of the evidentiary value of RWD



THANK YOU

Dena Jaffe
Oracle Health and Life Sciences
Dena.Jaffe@oracle.com
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Session 2: Policy at the Intersection of AI and RWE-
Powered Research

Moderator:

Lesley Curtis, Duke University

Panelists:

Aaron Cohen, Flatiron Health

Nick Honig, Highlander Health

Dena Jaffe, Oracle Health and Life Sciences

Emilie Scherrer, Tempus AI



Break

Meeting will resume at 2:05 pm ET
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Session 3: RWE to Shape Adaptable, Resilient, and 
Responsive Learning Health Systems

Moderator:

Rachele Hendricks-Sturrup, Duke-Margolis Institute for Health Policy

Panelists:

Sarah Greene, National Academy of Medicine

Chelsea Swanson, Duke-Margolis Institute for Health Policy

Fraser Gaspar, MITRE

Alex Vance, Holmusk

Collin Hovinga, Critical Path Institute

Mina Tadrous, University of Toronto



Brief Reflections on 
Two Decades of Progress toward a 

Learning Health System

2026 Duke-Margolis Convening 
on the State of Real-World Evidence Policy

Sarah M. Greene, MPH, FAMIA
Consultant and Senior Advisor, National Academy of Medicine

Leadership Consortium for a Learning Health System



Origins of the Learning Health System

ÅNational Academy of Medicine (NAM) 2006 Leadership Consortium charter provided 
the operational definition of the LHS as an anchor for the field:   

A Learning Health System (LHS) is one in which science, informatics, incentives, and 
culture are aligned for continuous improvement, innovation, and equityуwith best 
practices and discovery seamlessly embedded in the delivery process, individuals and 
families as active participants in all elements, and new knowledge generated as an integral 
by-product of the delivery experience.

Å20 years on, the LHS has gained significant traction and many adopters; advances in 
interoperable data, digital infrastructure, and AI can now enable the LHS at scale



Significant Momentum and Maturation
ÅLHS initiatives across clinical specialties, systems, populations
ÅFrameworks and models to support startup, change management 
ÅAssessment tools to gauge individual competency, system maturity
ÅApproaches to increasing patient engagement in the LHS
ÅInternational LHS adoption/adaptation (Australia, Canada, Switzerland, et al)
ÅLearning Health Systems dedicated Journal
ÅCollaborative LHS forums and affinity groups
ÅCore Competencies, curricula, and leadership training
ÅNAM emphasizing Shared Commitments and Operational Requirements



Examples of ongoing NAM LHS Activities

Our Shared Commitments
A trust framework for health & health care

Operationalizing a Learning Health Organization



What else will it take to achieve adaptable, 
resilient, responsive real-world LHS at scale? 
ÅAligned Incentives
Åresearchers generating evidence focus on the R01
Åhealth system decision makers using that evidence focus on the ROI

ÅAttention to Complexity тŔŉШǃŸƨќƻĲШƚĲĲŰШŸŰĲШxcÉв
ÅResearch that attends to rigor, relevance, and realities on the ground
ÅInfrastructure that supports innovation and facilitates implementation

ÅSense of Curiosity тFrom leaders to frontline teams, create an organizational 
climate wherein everyone is empowered to interrogate what could be improved

ÅTrustworthiness тdemonstrated willingness to learn with and learn from 
patients, families, and communities as partners in the LHS



Thank you! 
smgreene27@outlook.com

sgreene@nas.edu

www.linkedin.com/in/smgreene27

mailto:smgreene27@outlook.com
mailto:sgreene@nas.edu
http://www.linkedin.com/in/smgreene27
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Session 3: RWE to Shape Adaptable, Resilient, and 
Responsive Learning Health Systems

Moderator:

Rachele Hendricks-Sturrup, Duke-Margolis Institute for Health Policy

Panelists:

Sarah Greene, National Academy of Medicine

Chelsea Swanson, Duke-Margolis Institute for Health Policy

Fraser Gaspar, MITRE

Alex Vance, Holmusk

Collin Hovinga, Critical Path Institute

Mina Tadrous, University of Toronto



RWE to Shape Adaptable, Resilient, 

and Responsive Learning Health 

Systems
Fraser Gaspar

July 27th, 2026
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Leveraging Learning Health Systems for the Federal 
Government

ÁMITRE has worked with the federal government on multiple RWD projects 

facilitating the use of health system EHR data.

ÁObtaining high quality data, that is fit-for-use has been the most challenging part.

ÁIn all projects, feedback loops with health systems were necessary to 

accomplish goals.

© 2026 THE MITRE CORPORATION. ALL RIGHTS RESERVED. 
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Completed FDA-MITRE Study 

© 2026 THE MITRE CORPORATION. ALL RIGHTS RESERVED.

1
Healthcare systems send FHIR identifiers 
for patients of interest to FDA, e.g., 
patients who have undergone COVID-19 
mRNA vaccination 

2

FDA requests patients' FHIR
resources via eHealth Exchange, 
which routes them to BEST 
Platform

Determinations

4

Clinicians make
gold-standard 
determinations of Adverse 
Events3 LLMs/CQL used to

detect adverse events

LLM/CQL methodologies 

compared to gold-standard: 

comparison of and  3 4

5

LLM: Large Language Model

CQL: Clinical Quality Language



45

Data Rights Notice

This information was produced for the U. S. Government under Contract Number 75FCMC23D0004, 
and is subject to Federal Acquisition Regulation Clause 52.227-14, Rights in Data-General.  

No other use other than that granted to the U. S. Government, or to those acting on behalf of the U.S. 
Government under that Clause is authorized without the express written permission of The MITRE 
Corporation. 

For further information, please contact The MITRE Corporation, Contracts Management Office, 7515 
Colshire Drive, McLean, VA  22102-7539, (703) 983-6000.  

© 2026 The MITRE Corporation. All Rights Reserved. 

© 2026 THE MITRE CORPORATION. ALL RIGHTS RESERVED. FOR INTERNAL USE ONLY.
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Session 3: RWE to Shape Adaptable, Resilient, and 
Responsive Learning Health Systems

Moderator:

Rachele Hendricks-Sturrup, Duke-Margolis Institute for Health Policy

Panelists:

Sarah Greene, National Academy of Medicine

Chelsea Swanson, Duke-Margolis Institute for Health Policy

Fraser Gaspar, MITRE

Alex Vance, Holmusk

Collin Hovinga, Critical Path Institute

Mina Tadrous, University of Toronto



7/27/2026
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Disclosures

Some of the work presented in these slides was funded and supported by:

1. Ontario Drug Policy Research Network (ODPRN)
ÅOntario Ministry of Health (MOH) 

ÅOntario Strategy for Patient-Oriented Research (SPOR) Support Unit, which is supported 
by the Canadian Institutes of Health Research (CIHR) and the Province of Ontario

2. Institute for Clinical Evaluative Sciences (ICES)

I have no personal or financial relationships relevant to this presentation.

The opinions, results and conclusions reported are those of the 
authors and are independent from the funding sources.

7/27/2026







Risk Framework

Supply Chain Risk

ÅScored based on 
characteristics 

ÅDrugs will be placed into 
tiers based on distribution of 
scoring

ÅFor example:
ÅNumber of manufacturers

ÅGeneric v. Brand

ÅFormulation 

ÅMarket size 

Clinical Risk
ÅThis will move drugs based on 

supply chain risk 
ÅFor example:
ÅLife-saving 

ÅSub-therapeutic options 

ÅTherapeutic options available

ÅNo big deal

ÅMight be good if this was not used



Introducing the At-Risk Medicines Tool
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Session 3: RWE to Shape Adaptable, Resilient, and 
Responsive Learning Health Systems

Moderator:

Rachele Hendricks-Sturrup, Duke-Margolis Institute for Health Policy

Panelists:

Sarah Greene, National Academy of Medicine

Chelsea Swanson, Duke-Margolis Institute for Health Policy

Fraser Gaspar, MITRE

Alex Vance, Holmusk

Collin Hovinga, Critical Path Institute

Mina Tadrous, University of Toronto



54

Session 4: RWE in Coverage, Payment, and Drug 
Pricing Decisions

Moderator:

Rachele Hendricks-Sturrup, Duke-Margolis Institute for Health Policy

Discussants:

Cate Lockhart, Academy of Managed Care Pharmacy

Ashley Jaksa, Pedestal Health

Pat Arena, Datavant

Mark Marsico, Merck



Pat Arena, PhD, MPH

Senior Director | Datavant

RWE in Coverage, Payment, and 
Drug Pricing Decisions: 
International Perspectives
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The Role of RWD/RWE in Supporting Initial HTA Decisionsis Reasonably Well-
Characterized


