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Welcome and Opening Remarks
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Statement of Independence

The Robert J. Margolis, MD, Institute for Health Policy is part of Duke University, and
such it honors the tradition of academic independence on the part of its faculty and
scholars. Neither Duke nor the Margolis Center take partisan positions, but the

iIndividual members are free to speak their minds and express their opinions regarding
Important issues.

For more details on relevant institutional policies, please refer to the Bakeilty
Handbook including theCode of Conduand otherpolicies and proceduren

addition, regarding positions on legislation and advocacy, Duke University policies are
available ahttp://publicaffairs.duke.edu/government
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https://provost.duke.edu/faculty-resources/faculty-handbook/
https://provost.duke.edu/faculty-resources/faculty-handbook/
https://oarc.duke.edu/sites/default/files/documents/2015_Code%20of%20Conduct_statement%20of%20ethical%20principles_Final.pdf
https://oarc.duke.edu/policies
http://publicaffairs.duke.edu/government

Meeting Reminders

A Attendees are encouraged tmntribute throughout the meeting with questions in
the ZoomQ&AT dzy OUA 2 Y @

AThis meeting is being recorded, and the recording and slide deck will be posted on
the DukeMargolis event page in the weeks following the meeting.
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Duke-Margolis RWE Collaborative Strategic Plan

A Engage an Advisory Group and other members of the RWE
Collaborative with key stakeholdets directly inform national and

_ Routinely International regulatory agencies engaged in advancing the state of

inform regulatory RWE pollcy

decision-making

A Develop strategies tensure realworld data is capable of generating
high-quality and compelling evidencthat meets the reasonable and
necessary coverage needs of patients, health systems, payers, and

regulators.
Integrat STRATEGIC Suppost . : : .
pessaredi b6 RWE POLICY fea::::s';f LM A Monitor the growing global RWE policy landscape and contribute
Foutivie care PRIORITIES et (1 thought leadership to challenging topics and questions posed by

medical product regulators and policymakers globally concerning
RWD/E implementation teupport timely patient access to

innovative treatments and treatment approaches
Foster

collaboration and A Explore the prospective and systematic collection of RWD to drive

harmonization

across ecosystems, randomized clinical trial conduct at the poiot-care, particularly to
U improve postmarket evidence that may offer meaningful insights for

international

agencies regulatory agencies, policymakers, payers, and providers
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Data Curation for RWE using EdBurced Data

Three Major Considerations
A Defining EHRSourced Data Curation
Data Curation Best Practices and Innovations . . .
for Real-World Evidence Generated Using Electronic AData Curation in the Re#Vorld: Meeting Regulator
Expectations

AThe Role of Al in EHR Data Curation

Four Policy and Best Practice Recommendations
A Standardized EHBRata Curation Processes

Health Policy ATransparent EHRata Curation Processes
AResponsible Al Practice in EB&a Curation
AHuman Oversight in Al Practices
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International Harmonization of RWE Standards Dashbozc

Number of RWE Guidance Documents or Frameworks Per National Regulatory Agency

T
Number of Frameid and Guidance Documen...
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A Harmonization efforts will become increasingly important to help sponsors &
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Based on our observations, 3
regulatory agencies (EMA, FDA and
TFDA) globally have defined all of the
following key terms: reliability,
relevance and quality.

Atotal of 60 guidance documents and
frameworks have been published to
date among 12 national regulatory
agencies, with the US FDA having the
greatest number of RWE guidance
documents and frameworks (n=14)
published to date.

regulators advance areas of alignment and address potential areas of
misalignment around key RWE terminology and assurance procedures.

A This ongoing work shapes RWE regulatory policy discussions with timely,
publicly available policy updates that guide operational RWE goals and

standards among regulators, health technology assessment bodies, payers,
researchers, and other stakeholders.

Number of RWE Guidance Documents & Frameworks
Per Regulator
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RealtWorld EvidencdPolicy Core Competencies

),

Policy
Development,
Evaluation,
Translation &
Communication

\_

Data &
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Description:

Ability to understand and critically evaluate the role and interests of multiple stakeholders focused on advancing RWE policy to accomplish a variety of goals, including
but not limited to clinical trial efficiency; building and sustaining learning health systems; effective scientific communication and engagement; and trustworthy
translation of novel products, methods, and concepts. Entails awareness of relevant past and present policy priorities and future opportunities to support evidence-
based, patient-centered care; supporting clinical trial innovation; navigating regulatory complexity; and maximizing population health.

Rationale:
A strong understanding of historical and current trends, perspectives, and priorities driving the need or demand for data derived from naturalistic or real-world settings
is required for professionals seeking to communicate data- or analytics-driven insights to a variety of key stakeholders.

Competencies:

1.1. Review historical foundations of RWE policy, as well as current national and international policy priorities relevant to RWE.

1.2. Describe multi-stakeholders’ (e.g., regulatory, health technology assessment body, health system, industry) role and interest in advancing or shaping RWE policy.
1.3. Formulate communication strategies to reach broad audiences—scientific and nonscientific—including policymakers, who may require help navigating complex
RWDV/E concepts, methods, and relevant literature.

1.4. Assess the role of health systems and complex decisions made within them to accrue, store, manage, and share patient data and implement RWE-based guidance.
1.5. Examine or predict upstream and downstream impacts that RWD/E generation and related policies have on health care delivery and other broad societal
considerations.

1.6. Summarize the role and importance of RWE in clinical and translational science, including ethical, legal, and social implications across the RWE lifecycle.

~ The Dukea | NH2 f A a
created 12 RWE Policy Core Competencies (two domains) to
Methods effectively bridge previous educational efforts in experiential
o1 settings and support the current and next generation of RWE
policy practitioners.

LYadagAddziS F2NJ I

Description:

Ability to effectively guide those who analyze, interrogate, and review RWD and RWE, and also claims made based on assessments of RWD and RWE, toward high-quality
and best practice frameworks, methods, communication strategies, and tools as they aim to offer data-driven insights and recommendations in a variety of forms to
various policy stakeholders.

Rationale:
The identification and selection of high-quality and best practice frameworks, methods, and tools are essential to ensure RWD and RWE are rigorously developed,
selected, and/or implemented to mitigate risk, maximize benefit, and establish ‘ground truth’ for those affected by evidence-based policy.

Competencies:

2.1. Distinguish between observational vs. experimental RWE.

2.2. Describe how fit-for-use RWD should align with and appropriately address a specific research question.

2.3. Describe how to implement data sourcing and use transparency best practices.

2.4. Describe the inner workings of and underpinnings to an ‘integrated evidence plan’ to build a robust evidence package.

2.5. Describe existing RWE-focused best practices, frameworks, and tools within the broader (past, present, and future) policy context.
2.6. Describe context as to what renders RWE as fit-for-use or fit-for-purpose.
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Convening Agenda

12:00 pm Welcome and Opening Remarks
12:10 pm Session 1: Fireside Chat on U.S. RWE Policy Developments

1:00 pm Session 2: Policy at the Intersection of Al and FAbiiered Research
1:50 pm . NB I
2:05 pm Session 3: RWE to Shape Adaptable, Resilient, and Responsive Learning
| SIFf 0K {eadsSvya
3:00 pm Session 4: RWE in Coverage, Payment, and Drug Pricing Decisions
3:50 pm Session 5: The State of RWE Regulatory Policy: Lessons for Industry
4:40 pm Closing Remarks
4:45 pm Adjournment
Duke | Fieaith Policy




Session 1: Fireside Chat on U.S. RWE Policy
Developments

Moderator:
Mark McClellan DukeMargolis Institute for Health Policy

Discussants:

JacobShiff, Centers for Medicare and Medicaid Services
Michelle TarverU.S. Food and Drug Administration
Joyce LauCenters for Medicare and Medicaid Services
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Session 2: Policy at the Intersection of Al and RWE
Powered Research

Moderator:
Lesley CurtisDuke University

Panelists:

Aaron CohenFlatiron Health
Nick Honig Highlander Health
Dena Jaffe Oracle Health and Life Sciences

Emilie ScherrerTempus Al
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Policy at the Intersection of Al and
RWE-powered Research

Aaron Cohen, MD, MSCE
Senior Medical Director | Head of Clinical Al and Digital Oncology @ Flatiron Health
Adjunct Assistant Professor @ NYU Grossman School of Medicine

” flatiron July 27, 2026

© Flatiron Health




Employee Disclaimer

Aaron Cohen is an employee of Flatiron Health, an independent
subsidiary of Roche Group. He holds stock ownership in Roche.
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@ O LLM Prompt Interface - Clinical Analysis X aF

< > C Q) prompt.internal.ai/clinical-analysis
rfqd4d' 9E ; GRhis=JF=«< Prompt Input
represents progreSS|0n of h|S Type your instructions or data analysis request below:
disease. | recommended a LLM Prompt:
CH27 244 44 ( i ) . .
Imagine you're a clinical data analyst. ..
“If you see documentation of
pseudoprogression. . .”
'f49. 9L A=FSAhas “When encountering multiple progression
increased  while on lupron, events documented close together. . .”
may represent castrate \

J=KAKLOFL <AK:9K:1]’F1]’1 -

Response Area

Awaiting input for generation...

1" E9?2AF? K@GOK @3mewB9 Q «wo iv—
involvement of the liver and

adrenal ¢ t 4 Cohen AB et al. Using large language models for scalable extraction of real-world
progression events across multiple cancer types. Presented at: AACR Special

Conference in Cancer Research: Artificial Intelligence and Machine Learning; July 10-12,
2025; Montreal, QC, Canada.
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Meeting Abstract: 2026 ASCO Annual Meeting |

Figure 2. Histogram of time since trial presentation
and number of documented trial discussions
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OPEN ACCESS | SPECIAL ARTICLES | ) (®) & (® | March 16, 2026 X in f @ O YW n

Ensuring Reliability of Curated Electronic Health Record-
Derived Data: The Validation of Accuracy for Large
Language Model-/Machine Learning—Extracted Information
and Data (VALID) Framework

Authors: Melissa Estevez, MS = , Nisha Singh, MS, Lauren Dyson, MS, Blythe Adamson, PhD, MPH , Konstantin Krismer, PhD , Kelly

Magee, MS, ENP-BC, Qianyu Yuan, PhD, ... SHOW ALL ..., and Aaron B. Cohen, MD, MSCE AUTHORS INFO & AFFILIATIONS

JCO Clin Cancer Inform 10, e2500215(2026) * Volume 10, Number 1 « DOI: 10.1200/CCI-25-00215

Estevez, M et al.Ensuring Reliability of Curated Electronic Health Record; Derived Data:
The Validation of Accuracy for Large Language Modelt /Machine Learning T Extracted
Information and Data (VALID) Framework. JCO Clin Cancer Infornil0, e2500215(2026).
DOI10.1200/CCI-25-00215


https://ascopubs.org/action/doSearch?ContribAuthorRaw=Estevez%2C+Melissa
https://doi.org/10.1200/CCI-25-00215

The VALID Framework assesses quality of real-world
data across multiple dimensions

DDD””
Automated Verification Replication and
Checks Benchmarking Analyses

Evaluating whether the LLM-

Variable-Level
Performance Metrics

Understanding how well a
specific curation approach
works to extract a given
clinical detail relative to
expert human abstraction

Ex: Assess variable
completeness

Ex: Assess measures
of accuracy

T

T

Assessing data at the patient-
and cohort-level checks to
ensure it aligns with clinical
expectation (e.g., identify
obviously erroneous or unlikely
data points)

E EX: % of patients on targeted
therapy but biomarker
negative

E % of patients with date
sequencing errors (e.g.
surgery date before initial
diagnosis)

extracted data can reliably
reproduce known
epidemiological and clinical
distributions, treatment
patterns and outcomes

E Ex: Assess adjuvant and
neoadjuvant treatment
patterns and outcomes
for patients with triple
negative breast cancer
(TNBC)
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Policy Guidance for Al In
the Curation of Real -
World Data

Dena Jaffe
Oracle Health and Life Sciences
July 27, 2026




Fit -for -Use RWD Depends on Transparent Curation
Jaffe, Malin & HendrickSturrup 2025. https://doi.org/10.1093/haschl/gxaf210

Privacy compliance changes

the data that researchers use ADocument techniqueswhat was

masked, generalized, suppressed,
shifted, linked, or randomized affect usability

ADocument consequencesvhat

Al transformations also

Creating fitfor-use RWD requires
understanding how data protection
_ o becomes less complete, less
techniques affect availability, .
o granular, less timely, or less
accuracy, granularity, linkage, and il
intended use.

ADocument relevant usewhat
guestions the resulting data are still
fit to answer.




Al iIn RWD Curation

)

&

Ambient Documentation NLP Extraction

Al AT THE SOURCE

Al IN CURATION

How does the Atranscribed note

enter the chart?

Is there semantic matching? Are

Downstream, does it look like note types included in meta data?

clinicianauthored text?

Are NLFextracted data flagged?

Is there meta data that a physician

reviewed/approved?

O)

Automated DelD
Al IN CURATION (STEWARDSHIP)

DelD frameworks are more
accurate, faster, and flexible
Controls require humaim-the-
loop validation.

&

Synthetic Data
A-GENERATED DATASETS

No direct source patient is
released. Fitness depends on
model fidelity and on provenance
of training data and generation

process.

Each application of Al increases the need for metadata, controls, and governance that travel with the value




RWD Curatoros Responsibility

What metadata might travel with an Al -derived value?

Derivation flag Model name and version

Alextracted, structureeentry, cliniciarrecorded, Model, pipeline, prompt/rules/configuration, and
ambientdrafted, linked date run

Model performance Annotation guidelines

Performance for that field, not only a global card Define missingness or null valugabsent,
undocumented, noextracted, or unknown

Model identifiers Intended use and limitations/bias

Source lineage including encounter, note, provider, Entity, modifier, or relationship; privacy
and healthcare systems identifiers transformations, unsupported contexts

" ii] Model
. Metrics: ——




Al iIn RWD Curation

I Best Practices and Accountability

The Alera extension: metadata is no longer administrative; it is part of the evidentiary value of RWD

Governance

Auditable and accountable process

CURATOR BEST PRACTICES &
CONSIDERATIONS

A Define standards
A Accountability and auditability

A Ongoing oversight

Validation

Reliability, completeness & fithess

CURATOR BEST PRACTICES &
CONSIDERATIONS

A Validate vs source and structured
data

A validate models including human in
the loop

A Model and entity metrics

Transparency

Provenance and traceability

CURATOR BEST PRACTICES &
CONSIDERATIONS

A Propagate source provenance
A Capture transformation lineage

A Appropriate use




THANK YOU

Dena Jaffe
Oracle Health and Life Sciences
Dena.Jaffe@oracle.com
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Break

Meeting will resume aR:05 pm ET
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Session 3: RWE to Shape Adaptable, Resilient, an
Responsive Learning Health Systems

Moderator:
Rachele HendrickSturrup, DukeMargolis Institute for Health Policy

Panelists:

Sarah GreeneNational Academy of Medicine

Chelsea SwansgmukeMargolis Institute for Health Policy
Fraser GaspaMITRE

Alex VanceHolmusk

Collin HovingaCritical Path Institute

Mina Tadrous University of Toronto
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Brief Reflections on
Two Decades of Progress toward a
LearningHealth System

2026 DukeMargolis Convening
on the State of Re&lorld Evidence Policy

Sarah M. Greene, MPH, FAMIA
Consultant and Senior Advisor, National Academy of Medicine
Leadership Consortium for a Learning Health System

Leadership
(@) NAM cansor tium (ﬁ NATIONAL ACADEMY OF MEDICINE
Collaboration for a Learning Health System Naeitt



Origins of the Learning Health System

ANational Academy of Medicine (NAM) 2006 Leadership Consortium charter provided
the operational definition of the LHS as an anchor for the field:

A Learning Health System (LHS) is one in which science, informatics, incentives, and
culture are aligned for continuous improvement, innovation, and equity with best
practices and discovery seamlesslyembedded in the delivery process, individuals and

families as active participants in all elements, and new knowledgegenerated as an integral
by-product of the delivery experience.

A20 years on, the LHS has gained significant traction and many adopters; advances in
Interoperable data, digital infrastructure, and Al can now enable the LHS at scale

ODONAM oo

(ﬁ' NATIONAL ACADEMY OF MEDICINE



Significant Momentum and Maturation

A LHS initiatives across clinical specialties, systems, populations

A Frameworks and models to support startup, change management
A Assessment tools to gauge individual competency, system maturity

A Approaches to increasing patient engagement in the LHS

A International LHS adoption/adaptation (Australia, Canada, Switzerland, et al)
A Learning Health Systemsiedicated Journal

A Collaborative LHS forums and affinity groups

A Core Competencies, curricula, and leadership training

A NAM emphasizing Shared Commitments and Operational Requirements



Examples of ongoing NAM LHS Activities

Our Shared Commitments Operationalizing a Learning Health Organization
A trust framework for health & health care

Anchor Feature Key Characteristics

KNOWLEDGE = Current evidence available for best informed, partnered and timely decisions.
ACCESSIBILITY = Unified clinical, scientific, operational, and community knowledge environment.
= Al embedded thoughtfully to support informed clinician-patient-Al partners.

We commit to health and health care that is....

= Diverse, representative data establish effectiveness, safety, value, and fairness.

REAL-WORLD
= Evidence generation embedded in routine clinical and operational workflows.

ENGAGED Understanding and acting on people’s goals

EVIDENCE = Care experiences and outcomes continuously converted into new knowledge.
. . * Accurate, complete, timely, and trusted data fixed as a strategic asset.
SAFE USIng validated Sanguards to preve nt harm DATA READINESS « Data seamlessly delivered to point of relevant decisions.
= Transparent governance safeguards reliable stewardship, quality, and trust.
EFFECTIVE Applylng ContinUOUSly Updated evidence SEAMLESS = Mo operational discnnnects t_hat_irnpede care, lear.nin!g, and imprt?vement__
= Secure, standards-based digital infrastructure for inside and cutside sharing.
INTEROPERABILITY i N " " " 3
EFFICIENT Delivering 0 tlmaL outcomes fOf resources available * Hawve clinical, biological, behavioral, social, environmental for each person.
p SERVICES = Care coordinated and data available across each encounter, provider, setting.
CONTINUITY = Critical inform ation available across time and settings in the care journey.
FA'R Advancing parlty in people’s Opportunities to reach ful[ health potential * Care transitions aligned according to goals, preferences, and circumstances.
= Privacy, confidentiality, and data integrity safeguards continuously updated.
. . . . R DIGITAL SECURITY = Validated cybersecurity practices proportional to evolving threats.
ACCESSIBLE Offering timely, convenient, interoperable, and affordable services « Data stewardship processes transparent, accountable, and trust building

= Measures goals, preferences, results that matter most for people, communities.
OUTCOMES FOCUS = Aligns financial incentives with goals, guality, learning, improvement, and value.
= Organizational decisions and investments focused on goals of those served.

JONYNHIADD

TRANSPARENT Open sharing of activities, decision-making processes, and results

= Partnered identification of person and family goals, preferences, experiences.
GOAL ORIENTATION » Care planning, decision-making, and evaluation anchored on those priorities.
= Success and progress measured by clinical cutcomes and goal attainmment.

ACCOUNTABLE Measuring what matters, with clear responsibilities and feedback

REWARD | ENSURE | GENERATE

H H iai i * Costs, utilization, and walue transparent to patients, clinicians, and leaders.
SECURE Using protected data sharing and digital/Al responsibly to speed progress AFFORDABILITY - Lo value, duploative, and wasterul servicos identied and rodused.
. i . . X . . . L = Incentives aligned to improve outcomes whils lowering total cost of care.
ADAPTIVE Centering continuous learning and improvement in organizational priorities CONTINUOUS  * Embeds learing, improvement, and innovation into everyday work.

= Equips all participants to identify problems, test solutions, and share results.

w

[ L= s = Rapidly translates new evidence and experience into practice.

o T . m . "~
OPENMESS AND = Conducts DFEBHIZE-IIDI'I wide dlsc:_ussm-n of Successes, fgllu |_'es. DppCI-I-'tl:IHItIES.

= = Creates psychologically safe environments for all organizational participants.

INCLUSION 5 " A !
[=] = Actively values diverse perspecitives, experiences, and knowledge sources.
: COMMUNITY = Embeds local demographic, sociceconomic, and environmental data in decisions.
CONTEXT * Supports cooperative community strategies on priorities, assets, and unmet nesds.

* Measures success by improvements in community health, trust, and well-being.

Collaboration for a Learning Health Systemn

(@) NAM Leadership
Consortium (ﬁ' NATIONAL ACADEMY OF MEDICINE



What else will it take to achieve adaptable,
resilient, responsive realworld LHS at scale?

AAligned Incentives
A researchers generating evidence focus othe R0O1
A health system decision makers using that evidence focus othe ROI

A Attention to Complexity TRn W! Ye k 2 1 JW JIWJUWYUW WX c EB
AResearch that attends to rigor, relevance, and realities on the ground
Alnfrastructure that supports innovation and facilitates implementation

ASense of Curiosity T From leaders to frontline teams, create an organizational
climate wherein everyone is empowered to interrogate what could be improved

ATrustworthiness T demonstrated willingness to learn with and learn from
patients, families, and communities as partners in the LHS

(@) NAM Leadership
COﬂSOftlum (ﬁ' NATIONAL ACADEMY OF MEDICINE



Thank you!

smgreene27@outlook.com

sgreene@nas.edu
www.linkedin.com/in/smgreene27
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Leveraging Learning Health Systems for the Federal
Government

AMITRE has worked with the federal government on multiple RWD projects
facilitating the use of health system EHR data.

AObtaining high quality data, that is fit-for-use has been the most challenging part.

Aln all projects, feedback loops with health systems were necessary to
accomplish goals.

MITRE | 5253
Transforming Health © 2026 THE MITRE CORPORATION. ALL RIGHTS RESERVED.



Completed FDA-MITRE Study

Healthcare systems send FHIR identifiers FHIR Resources  Large Language Model Gase Summary

for patients of interest to FDA, e.g., Observations L+ ~=) Outcome
patients who have undergone COVID-19 Condiions |1 ~ i
MRNA vaccination L. o E Evdence
Document References |--.. —~ SRR
Diagnostic Reports (. N e R
;j3

Clinicians make
gold-standard
LLMs/CQL used to determinations of Adverse

detect adverse events Events

LLM: Large Language Model
CQL: Clinical Quality Language

LLM/CQL methodologies

FDA requests patients’ FHIR s - compared to gold-standard:
resources via eHealth Exchange, - comparison of

which routes them to BEST
Platform

MITRE | s
Transforming Health © 2026 THE MITRE CORPORATION. ALL RIGHTS RESERVED.



Data Rights Notice

This information was produced for the U. S. Government under Contract Number 75FCMC23D0004,
and is subject to Federal Acquisition Regulation Clause 52.227-14, Rights in Data-General.

No other use other than that granted to the U. S. Government, or to those acting on behalf of the U.S.

Government under that Clause is authorized without the express written permission of The MITRE
Corporation.

For further information, please contact The MITRE Corporation, Contracts Management Office, 7515
Colshire Drive, McLean, VA 22102-7539, (703) 983-6000.

© 2026 The MITRE Corporation. All Rights Reserved.

Center for
MITRE ‘ Transforming Health © 2026 THE MITRE CORPORATION. ALL RIGHTS RESERVED. FOR INTERNAL USE ONLY.
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Disclosures

Some of the work presented in these slides was funded and supported by:

1. Ontario Drug Policy Research Network (ODPRN)

A Ontario Ministry of Health (MOH)

A Ontario Strategy for Patient-Oriented Research (SPOR) Support Unit, which is supported
by the Canadian Institutes of Health Research (CIHR) and the Province of Ontario

2. Institute for Clinical Evaluative Sciences (ICES)
| have no personal or financial relationships relevant to this presentation.

The opinions, results and conclusions reported are those of the
authors and are independent from the funding sources.
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RWE connects evidence to policy decisions

From who uses a medicine and what it costs—to whether it is safe and effective in practice.

QGVIonitor &

understand

how?

e Who is using the medicine—and

e How much are we spending?

e

monitor again g_,

7

Shared questions - relevant evidence « actionable

Evidence-policy
partnership

decisions

[ ODPRN ][ Toronto Centre for RWE ]

[ REAL-WORLD EVIDENCE ]

@ Develop solutions

e What policy or practice options
could help?

e Who may benefit—or be
affected?

[ Policymakers ]

.

IﬁoAssess & adapt

e Did the solution achieve its goals?

e Is it safe and effective in practice?

>

\ 482 Who? < Cost?

|~ Policy impact?

O Safe & effective? Questions across the full medicine lifecycle

1

@ | UNIVERSITY OF TORONTO
LESLIE DAN FACULTY or PHARMACY
£
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, T

Drug shortages: applying the same evidence-to-policy cycle [ cssmor

Our program has moved from describing the problem, to building responses, to evaluating what works.

FOUNDATION q

o aJnderstand & oa.')evelop potential
¥ describe < solutions

e Measure frequency, duration Drug-shortage evidence-policy e Prioritize the most at-risk
and impact __partnership _ medicines
Shared priorities « linked evidence « coordinated
e ldentify supply-chain and clinical getion e Create response options and
risk the At-Risk Medicines Tool

[ ODPRN ][ Toronto Centre for RWE ]

( Policymakers } -
monitor again g » = )

|~ " Assess impact & adapt

e Measure effects on availability, patients,
costs & equity

e Refine the responses that work

N v

d"u Describe 9 Develop responses |~“ Evaluate impact Then monitor and refine

e

|UNIVERSITY OF TORONTO
2 s LESLIE DAN FACULTY or PHARMACY
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Risk Framework

'g' Supply Chain Risk

A Scored based on
characteristics

A Drugs will be placed into
tiers based on distribution of
scoring

A For example:
A Number of manufacturers
A Generic v. Brand
A Formulation
A Market size

@ Clinical Risk

AThis will move drugs based on
supply chain risk

AFor example:
A Life-saving
A Sub-therapeutic options
A Therapeutic options available
A No big deal
A Might be good if this was not used

UNIVERSITY OF TORONTO
LESLIE DAN FACULTY or PHARMACY



Introducing the At-Risk Medicines Tool

Drug Shortages Dashboard

Welcome At-Risk Medicines List Guidance in Altering the At-Risk Medicines List:
Clinical and Predictive Complex View
Thresholds

At-Risk Medicines List

Instructions: Below you have access to the at-risk medicines list with the ability to filter by list category, formulation and ATC3. The default settings of this list exclude vaccines and only include drug products within the high risk, risk and caution
categories. To return to default settings, refresh the page.

List Category
Drug Name Formulation ATC Clinical Score Clinical Category  Predictive Score  Predictive Category [ (1) High Risk
AulLLUVIR parenerdn JoANUINIeCuveE Ul sysieinic use QDY.f Yo b £U.0%0 3 L J . (2) Rlsk
ADEFOVIR DIPIVOXIL oral J: Antiinfective of systemic use 32.4% 2 18.2% 3 (3) Caution
ADENOSINE parenteral C: Cardiovascular system 65.3% 5 10.4% 2 ®
ALBUMIN parenteral B: Blood and blood forming organisms  43.9% 4 13.4% 2 Filtering the List
ALDESLEUKIN parenteral L: Antineoplastic and immunomodulati.. 33.7% 2 44.0% 3 Drug Name |(Muniple values) A ‘
ALPELISIB oral L: Antineoplastic and immunomodulati.. 44.4% 4 12.8% 2
ALPROSTADIL topical G: Genito-urinary system and sex hor.. 32.3% 2 39.7% 3 Formulation (i) -]
ALUMINIUM | METHYLP.. topical D: Dermatologicals 33.0% 2 17.2% 3
AMIKACIN parenteral J: Antiinfective of systemic use 56.8% 5 18.6% 3 [ ATC [cany -
AMINO ACIDS parenteral B: Blood and blood forming organisms  70.6% 5 10.8% 2 ®
AMINO ACIDS | ELECTR.. parenteral B: Blood and blood forming organisms  70.6% 5 10.5% 2 ® List Category
(All)
(1) High Risk
80% o ot ®e (2) Risk
w2 fe 0 g° ° 0o, . o (3) Caution

2 d 8 [} ' ° ® (4) Other

8§ sou s e‘... ol ¢ ':’.o ° L) 3

: ss 8,978 ?Q. o ® .o o 0o S e ° Category Count

5 OJ Py op @ @ L) ® g ® °

40% List Category
(1) High Risk 76
10% 15% 20% 25% 30% 35% 40% 45% 50% 55% 60% 65% (2) Risk 93
Predictive Score
(3) Caution

*
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The Role of RWD/RWE in Supportmgal HTA Decisions Reasonably Well
Characterized

> BMJ Open. 2024 Mar 14;14(3):e077297. doi: 10.1136/bmjopen-2023-077297.

Cross-sectional analysis of use of real-world data in
single technology appraisals of oncological medicine
by the National Institute for Health and Care
Excellence in 2011-2021

Jiveon Kang ' 2, John Cairns 3 2

Affiliations + expand
PMID: 38485485 PMCID: PMC10941141 DOI: 10.1136/bmjopen-2023-077297 4
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